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Gabriele Pinto Political Talk Show Videos As Data

INTRO

TLDR:
A methodological  and descriptive 

 work to show the potential of 
videos  as a data source   for 

political research 
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In a nutshell 1/2

• We collect 5 years (2018-2023) of video 
episodes of two major Italian Political Talk 
Show (“Otto e mezzo” & “Stasera Italia”)

• We apply Machine Learning Tools to construct 
a large (million of rows) second-by-second 
dataset of:
• Who is talking 

• Male or female?
• Journalist or Expert?
• Etc..

• When
• Speaking time
• Presence

• What are they saying (complete transcriptions)
• Tone of the Voice & Emotion of the Faces

• Angry? Happy? Surprised? Aggressive?

Gabriele Pinto Political Talk Show Videos As Data

INTRO
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In a nutshell 2/2

Gabriele Pinto Political Talk Show Videos As Data

Politica aziendale per la qualità - Auditel

Gabriele Pinto Political Talk Show Videos As Data

INTRO

• We match these data with 
minute-by-minute Auditel TV 
audience share to analyze:
• the response of the audience 

to different settings (gender, 
type of speakers etc…)

https://www.google.com/imgres?q=auditel%20logo&imgurl=https%3A%2F%2Fwww.auditel.it%2Fwp-content%2Fuploads%2F2022%2F01%2Flogo-auditel.png&imgrefurl=https%3A%2F%2Fwww.auditel.it%2Fpolitica-per-la-qualita%2F&docid=fo8N6qQgMPTmsM&tbnid=NMxPE_8OeyH-8M&vet=12ahUKEwihhLuQ36OFAxVU0wIHHdnMArQQM3oECBUQAA..i&w=216&h=129&hcb=2&ved=2ahUKEwihhLuQ36OFAxVU0wIHHdnMArQQM3oECBUQAA
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Why Video
Video is becoming an ubiquitous tool of 
communication

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

MOTIVATION
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Video is an effective medium of communication

Text

Tone

Expression

7-55-38 
Mehrabian Rule (Myth) of communication 

Words convey only 7 percent of a 
message..

The rest (55 percent) is accounted by 
the Body language (gestures and facial 
expression)

Tone account for 38 percent of the 
message..

Gabriele Pinto Political Talk Show Videos As Data

7%

38%

55%

Gabriele Pinto Political Talk Show Videos As Data
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Why Television

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data
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Despite the widespread use of Internet (and social networks), Television has remained the main and 
undisputed primary source of (political) information.

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

MOTIVATION

Eurobarometer, Media & News Survey, 2023
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Why Political Talk Show and Italy

• Archetype of “opinion TV” (Burstzyn et al. 2023; 
Lazer et al. 2018)…

• …are common around the world, but Italy is 
probably the country where this type of format 
has been more successful (Novelli 2016) .  

• …virtually constitute the most important gateway 
to the national debate (agenda setting).

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data
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Why television so important

Celebrity Basic Rounded Lineal icon

Recognition
(Kam and Zechmeister 2013)

Reputation

Accessibility

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

MOTIVATION

https://www.google.com/imgres?imgurl=https%3A%2F%2Fcdn-icons-png.freepik.com%2F512%2F1169%2F1169330.png&tbnid=2tA5-kh57F5GDM&vet=12ahUKEwjVzae-sJSFAxVLoP0HHXnjBMsQMygBegQIARBQ..i&imgrefurl=https%3A%2F%2Fwww.freepik.com%2Ficon%2Fcelebrity_1169330&docid=SoVfHzGt6z7OCM&w=512&h=512&q=celebrity%20icon&hl=it&client=firefox-b-d&ved=2ahUKEwjVzae-sJSFAxVLoP0HHXnjBMsQMygBegQIARBQ
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…and can be a rich source of data

Audio Topic modelling 
& Text Analysis

Video

Image

Time

Text 
(transcriptions)

Tone

Expression

Characters

Sequence

Text sentiment

Audio sentiment

Face sentiment

Speakers 
Characteristics

Attention

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data
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Is there a “gap” in the study video content?

• Currently, television and videos are seldom 
employed -> The data collection process heavily 
relies on human coders ($$). 

• While television content is extremely “large”, 
available datasets are often restricted to very 
small samples (especially TV news), that often 
contains only derivate information: metadata, 
small description, etc..

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data
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Some novel contributions:

1. We analyze “opinion TV” (not straight news)
2. We are able to identify and track the universe of speakers of a 

video 
(not depending on “Celebrities API” or, for example “AGCOM” data)

3. We are able to extract primary data from Audio, Image and 
Transcript features
(not depending on external hand-coded dataset, and providing a scalable methodology for other 
video sources)

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

CONTRIBUTION
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The Sample

Gabriele Pinto Political Talk Show Videos As Data

Otto e Mezzo Stasera Italia

Broadcast time 20:35-21:10 (35 mins) 20:30-21:20 (50 mins)

Channel La 7 (Cairo Editore) Rete 4 (Mediaset, i.e. Berlusconi)

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

2 -3 million daily viewers (auditel share 8% and 5%)

5 years of episodes (2018-2023), covering the COVID-19 pandemic, the Ukraine 
Invasion, the Palestine-Israel conflict, and two national elections.
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The Format

Gabriele Pinto Political Talk Show Videos As Data

Guests 
in the studio or from home

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

Topic

Host 
guides discussion and speaking times

(will be excluded from the analysis)
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Which model we use

• We mostly use Pre-Trained 
models available on hugging 
face (a sharing platform for ML 
models)

• Open Access and Open Source 
(FREE $)

Gabriele Pinto Political Talk Show Videos As Data

Download the model

Data 
input

Predictions

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME
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Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

Tools

• Diarization (Pyannote)
(Plaquet & Bredin 2023)

• Identification (OCR on lower third)

• Transcripts (Whisper – OpenAI)

• Tone Sentiment
SpeechBrain (Ravanelli et al. 2021)
trained on IEMOCAP (accuracy 78%) 

Happy
Neutral
Anger
Sad
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Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

Diarization, Speaker Identification, and Transcripts

• Face Detection  and Face Recognition
MTCNN (Multi-Task Cascaded Convolutional Networks) 
(Schroff et al., 2015; timesler, 2024; Zhang et al., 2016) 
Accuracy LFW~99

• Face Emotion
(High-Speed face Emotion recognition) from Savchenko (2023)
 accuracy ~60-65% on AffectNet (8-7 classes)

• Face Recognition
an ad-hoc pipeline to create a
 “ground truth” collection of images for each speaker
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Gabriele Pinto Political Talk Show Videos As Data

“Google Collection”
[we only search for speaker we know are in the episode 

(from the diarization dataset)]

Vector Embeddings

Vector Embeddings

“True Collection”

If Face is Verified 
(e.g. if probability is high)

Add the Face to the 
collection

Face Recognition
FACES

Face Verification
(e.g. compute distance)

If Face is Not Verified
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Validation

Gabriele Pinto Political Talk Show Videos As Data
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Validation of Speaking and Face Time

Gabriele Pinto Political Talk Show Videos As Data

Each dot is one 
speaker in one episode 

of Otto e Mezzo

We inspected those 
outliers that resulted 

to be errors in the 
AGCOM data!

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

Face Detected Face Recognized

True 142 (95%) 140 (98%)

False 7 2

Total 149 142

…after manually inspecting a sample of 100 frames:

Validation of Speaking Time Validation of Face Recognition
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Face VS Tone Emotions

Note the differences…

Gabriele Pinto Political Talk Show Videos As Data

Face id line icon recognition Royalty Free Vector Image

FACESTONE

https://www.google.com/imgres?q=face%20in%20photo%20icon&imgurl=https%3A%2F%2Fcdn3.vectorstock.com%2Fi%2F1000x1000%2F53%2F47%2Fface-id-line-icon-recognition-vector-21865347.jpg&imgrefurl=https%3A%2F%2Fwww.vectorstock.com%2Froyalty-free-vector%2Fface-id-line-icon-recognition-vector-21865347&docid=Wl5mKAWZxoD-bM&tbnid=0VQvV8w0c7NAhM&vet=12ahUKEwj2g7vk4b6FAxUM_7sIHapZCRIQM3oECBcQAA..i&w=1000&h=1080&hcb=2&ved=2ahUKEwj2g7vk4b6FAxUM_7sIHapZCRIQM3oECBcQAA
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Validation of emotion measures

• Tone Sentiment
SpeechBrain (Ravanelli et al. 2021)
trained on IEMOCAP (accuracy 78%)  [e.g. 12 hours of annotated actors 
conversations, in english]

TONE

Gabriele Pinto Political Talk Show Videos As Data
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Tone

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

AudioWaves EmotionsSpectrograms

TONE
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Tone Examples Happy

Gabriele Pinto Political Talk Show Videos As Data

TONE
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Tone Examples Neutral

Gabriele Pinto Political Talk Show Videos As Data

TONE
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Tone Examples Anger

Gabriele Pinto Political Talk Show Videos As Data

TONE
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Tone Examples Sad

Gabriele Pinto Political Talk Show Videos As Data

TONE
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Validation of emotion measures

• Tone Sentiment
SpeechBrain (Ravanelli et al. 2021)
trained on IEMOCAP (accuracy 78%)  [e.g. 12 hours of annotated actors 
conversations, in english]

• How can we «internally» validate these measures? [e.g. without having to pay
manual coders]

• Italian bias→ compare same movie scenes in Italian and English [work in progress]

TONE
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Validation of emotion measures

• Face Emotion 
(High-Speed face Emotion recognition) from Savchenko (2023)
 accuracy ~60-65% on AffectNet (8-7 classes) [e.g. 1 million of manually annotated pictures]
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Face Emotions

Gabriele Pinto Political Talk Show Videos As Data

FACES
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Type of speakers

• Journalists
• With details of the journal (i.e. La Repubblica, Il Giornale, L’Espresso, etc..)

• Politicians
• With details of the party (i.e. Forza Italia, Partito Democratico, ..and “independent” – es: sardine)

• Expert/Pundits (i.e. all the others)
• With details of the profession (i.e. Entreprenneur, University Professors, practitioners)

• For each speaker:
• Gender
• Nationality

WE DO IT WITH CHAT GPT

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data
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Prompt to classify speakers
Ciao,
ho una lista di personaggi famosi che hanno partecipato negli ultimi anni al programma "otto e mezzo" sul canale televisivo La7. Si tratta perlopiù di giornalisti, 
scrittori, virologi, politici, imprenditori etc... Per ognuno di questi personaggi, avrei bisogno di recuperare alcune informazioni.
In particolare, mi servono queste informazioni: 
• L'orientamento politico: i valori possibili sono "left", "right", "center" e "m5s", ovviamente questi valori stanno per "sinistra", "destra", "centro" e "m5s". dove 

"m5S" sta per movimento 5 stelle.
• Il tipo di personaggio: che può avere i seguenti valori "journalist","expert" e "politician". Dove i "politician" sono tutti quelli che fanno politica 

professionalmente. E gli "expert" sono tutti quelli che non sono nè politici di professione ne giornalisti (come i virologi, gli imprenditori, etc...). 
• Testata: è la testata giornalistica. Questo valore deve essere riempito solo se il personaggio in questione è di tipo journalist, altrimenti devi lasciare questo 

campo vuoto. Alcuni esempi possono essere "il fatto quotidiano", "il giornale","corriere della sera", etc..
• Partito: è il partito del personaggio. Questo valore deve essere riempito solo se il personaggio in questione è di tipo "politician", altrimenti devi lasciare 

questo campo vuoto. Alcuni esempi possono essere "fratelli d'italia", "partito democratico", etc...
• Professione: è la professione del personaggio. Questo valore deve essere riempito solo se il personaggio in questione è di tipo "expert", altrimenti devi 

lasciare questo campo vuoto. Alcuni esempi di questo valore possono essere "entreprenneur", "phisician", etc...
• Solo se sei fortemente indeciso, ti chiedo di lasciare al posto del valore un punto interrogativo "?". 

Questo è un esempio:
nome personaggio;orientamento politico;tipo personaggio;partito;testata;professione
lilli gruber;left;journalist;;la7;
paolo pagliaro;left;journalist;;la7;
marco travaglio;left;journalist;;il fatto quotidiano;
massimo giannini;left;journalist;;la stampa;
andrea scanzi;left;journalist;;il fatto quotidiano;
beppe severgnini;center;journalist;;corriere della sera;
massimo cacciari;left;expert;;;philosopher
antonio padellaro;left;journalist;;il fatto quotidiano;

Gabriele Pinto Political Talk Show Videos As Data

We instruct ChatGPT trough an 
example and ask it to do the rest 
of the job for us

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

We manually review all the 
classification
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Example prompt for classifying TV speakers
We compare our classification with that of Scaduto and Negri (2024). They appear quite consistent.

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME
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Political Leaning

• For each speaker, we also assign a political leaning label:
• Left, Right and Center 
• While for politicians we can use party affiliation, for other speakers this might be 

a debatable and sensitive issue

• We do it:
• Manually (based contextual information on their public declarations and 

affiliations)
• With a ChatGPT prompt

• With “talk-like” supervised model:
• A fine-tuned BERT model (finetuned on parliamentary speech and tv show speeches)
• A pre-trained BERT model (on tweets)

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

Very 
similar

Very 
different

Not 
Working 

Well!
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Political leaning by type of speaker: Politicians

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

This is pretty much in line with 
standard international classification 
(party manifesto, etc..), 
where left-wing parties are:
• Partito democratico
• Movimento 5 Stelle
• Sinistra Italiana –Verdi
And right-wing parties are:
• Forza Italia
• Lega
• Fratelli d’Italia
And center-wing parties are:
• Italia Viva and Azione

APPENDIX
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Political leaning by type of speaker: Journalists

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

left

right

Il Fatto Quotidiano

La Repubblica

La 7

Corriere Della Sera

La Stampa

Rai

Il Foglio

Mediaset

Il giornale

Libero

center

APPENDIX
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Political leaning by type of speaker: Experts

Gabriele Pinto Political Talk Show Videos As Data

e.g. some example of “left-wing” experts are Carlo rovelli, Emiliano Brancaccio, Nadia Urbinati. Some 
example of “right-wing” experts are Paolo Scaroni, Gianfranco Vissani and Paola Tommasi

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME

left

right

Writer

Judges

Phisician

Philosopher

Entertainer/artist

Scientist Expert

Religious

Business Person

APPENDIX
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Summary statistics

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME
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Summary statistics – Otto e Mezzo

• Males tend to be more 
present and speak more

• A decline of Left-Wing 
speakers after the Draghi 
government

• The rise of experts during 
the COVID-19 pandemic 
(with fair speaking time)

Gabriele Pinto Political Talk Show Videos As Data

Males in Italian Parliament = 70%

Gabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME
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Summary statistics – Stasera Italia

• Males tend to be more 
present and speak more 
(although less than in 8 e 
mezzo)

• Left-Wing have much less 
share

• The rise of experts during 
the COVID-1 pandemic 
(with higher speaking time)

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

SPEAKING TIME
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Who speaks about what? – Topics Dictionary

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

TOPICS
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Topics Trends: War

Gabriele Pinto Political Talk Show Videos As Data

Ukraine 
Invasion

Israel-
Palestine 
conflict

Gabriele Pinto Political Talk Show Videos As Data

TOPICS
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Topics Trends: Health

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

TOPICS
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Who speaks about what?

Gabriele Pinto Political Talk Show Videos As DataGabriele Pinto Political Talk Show Videos As Data

TOPICS
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Tone and Topics

Gabriele Pinto Political Talk Show Videos As Data

TONE
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Auditel Data

• Proprietary data from Auditeltm , a consortium of Italian Network 
that traces TV viewership on a representative sample (16k 
families) of Italian citizens. 

• Tracking is made using a “meter” connected to the device (i.e. it’s 
not a survey)

• Minute by Minute data
• Breakdown by Gender

• Used also in Gambaro et al. (2023, NBER), Castriota et al. (2023, Int.Journ.HealtEconMana)

Politica aziendale per la qualità - Auditel

Gabriele Pinto Political Talk Show Videos As Data

VIEWERSHIPS

https://www.google.com/imgres?q=auditel%20logo&imgurl=https%3A%2F%2Fwww.auditel.it%2Fwp-content%2Fuploads%2F2022%2F01%2Flogo-auditel.png&imgrefurl=https%3A%2F%2Fwww.auditel.it%2Fpolitica-per-la-qualita%2F&docid=fo8N6qQgMPTmsM&tbnid=NMxPE_8OeyH-8M&vet=12ahUKEwihhLuQ36OFAxVU0wIHHdnMArQQM3oECBUQAA..i&w=216&h=129&hcb=2&ved=2ahUKEwihhLuQ36OFAxVU0wIHHdnMArQQM3oECBUQAA


MOTIVATIONINTRO CONTRIBUTION SPEAKING TIME TOPICS VIEWERSHIPS TONE FACES

Audience Regression

𝐴𝑢𝑑𝑖𝑒𝑛𝑐𝑒𝑒,𝑡 = 𝛽0 + 𝛽1𝐺𝑒𝑛𝑑𝑒𝑟𝑒,𝑡 + 𝛽2𝐿𝑒𝑓𝑡𝑒,𝑡 + 𝑆𝑝𝑒𝑎𝑘𝑒𝑟𝑇𝑦𝑝𝑒𝑒,𝑡 +𝑀𝑖𝑛𝑢𝑡𝑒𝑡 +𝑀𝑖𝑛𝑢𝑡𝑒𝑡
2 +𝐵𝑟𝑒𝑎𝑘𝑡 ∗ 𝑀𝑖𝑛𝑢𝑡𝑒𝑡 +𝑀𝑖𝑛𝑢𝑡𝑒𝑡

2 +෍

𝑖

𝑖−1

𝛾𝑖𝐸𝑝𝑖𝑠𝑜𝑑𝑒𝑒
𝑖

Gabriele Pinto Political Talk Show Videos As Data

Quadratic 
Time trend

Episode fix 
effect

VIEWERSHIPS

Break Stasera – 
Time Trend
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Baseline Descriptive Result

Gabriele Pinto Political Talk Show Videos As Data

VIEWERSHIPS

1. Anger Tone → Higher Audience
2. Expert and Journalists (vs. Politicians) → Higher Audience
3. Left-Wing  → Lower audience
4. Male Speaker → Higher Audience 

Note that attention (e.g. audience) is different 
from satisfaction! (Stanca et al. 2013)
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Face emotion of the “others”

Gabriele Pinto Political Talk Show Videos As Data

FACES

The Speaker The Other The Speaker The Other

Objective: to study non-verbal communication to different speakers
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Face emotion of the “others”

Gabriele Pinto Political Talk Show Videos As Data

FACES

The 
Speaker

The 
Other

We run a simple regression to estimate the determinants 
of the emotion of the “other”

𝐸𝑚𝑜𝑡𝑖𝑜𝑛𝑜𝑡ℎ𝑒𝑟,𝑖
= 𝑇𝑦𝑝𝑒𝑠𝑝𝑒𝑎𝑘𝑒𝑟,𝑖 + 𝑆𝑒𝑥𝑠𝑝𝑒𝑎𝑘𝑒𝑟,𝑖 + 𝑆𝑎𝑚𝑒𝑃𝑜𝑙𝐿𝑒𝑎𝑛𝑖𝑛𝑔𝑠𝑝𝑒𝑎𝑘𝑒𝑟,𝑖 +

…… .+∅𝑜𝑡ℎ𝑒𝑟,𝑖

Controlling for characteristics of the other
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Face emotion of the “others”

Gabriele Pinto Political Talk Show Videos As Data

FACES

• Same political leaning leads to Less Disgust, More 
Neutrality

• Politician Speaker tend to garner disgust in otto e mezzo 
(more contempt in stasera italia)

• Female speaker leads to higher disgust, anger, and sadness 
in otto e mezzo (null correlations in stasera italia).

Note these are very preliminary results.
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Summing Up

• Are we really learning something new? Maybe not too much at 
this stage.

• However, these methods might offer more capacity and 
potential to study  a wide range of theoretical issues, for 
example: gender representation, political leaning and media bias, 
framing effects, agenda setting, audience polarization, expert 
influence, etc.

• The ubiquity of video will make the development of these kind of 
methods necessary for communication scholars.
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